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INTRODUCTION
Life is inevitably inseparable from various disease cases. One of the common diseases is scabies.

Scabies is a skin disease characterized by the appearance of rashes resembling pimples, scaling, and
itching. According to the Ministry of Health of the Republic of Indonesia (Depkes RI), the prevalence
of scabies in Indonesia, based on data from primary health centers (puskesmas) across the country in
2018, ranged from 5.6% to 12.95%, ranking third among the twelve most common skin diseases.
Indonesia’s tropical climate serves as a major contributing factor to the incidence of scabies [1].
Recently, scabies outbreaks have been reported in East Manggarai Regency, specifically in the working
area of the Bea Muring Public Health Center, South Lamba Leda Subdistrict. This condition has
persisted since January 2023, with residents frequently complaining of itching and skin rashes. Almost
every day, numerous patients visit the health center with similar complaints 2], [3].

Scabies not only affects individuals physically but also has broader social and public health
implications. Persistent itching and discomfort can disrupt daily activities, decrease productivity, and
lead to secondary infections due to continuous scratching. In densely populated or resource-limited
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areas, such as rural communities in East Nusa Tenggara, scabies transmission tends to spread rapidly
because of close interpersonal contact, inadequate sanitation, and limited access to clean water.
Moreover, the lack of awareness and delayed treatment often exacerbate the disease burden, causing
repeated outbreaks within households and communities. These conditions highlight the importance
of conducting analytical studies to identify the dominant factors influencing the incidence of scabies,
thereby enabling the design of effective and targeted intervention strategies.

Several studies have revealed that scabies incidence is influenced by multiple factors. The main
factors associated with scabies include knowledge, attitudes, and lighting [4], [5]. Other contributing
factors consist of economic level, sanitation, water availability, personal hygiene, and nutritional needs
[6].

One of the methods employed to further investigate the determinants of scabies incidence is
factor analysis [7]. Factor analysis is a statistical method used to reduce or summarise several
independent variables into fewer underlying variables [8], [9]. In other words, factor analysis seeks to
identify interrelationships among independent variables, thereby forming one or more groups of
variables smaller than the original set. Furthermore, explain that factor analysis is a multivariate
technique designed to observe and analyze phenomena to identify patterns. The numerous
unobserved variables identified in the process are referred to as factors [10].

In a study conducted, factor analysis was applied to identify the determinants of dengue fever
(DF) in North Maluku Province using Principal Component Analysis (PCA) [11]. The findings
indicated that among all predictors, one main predictor component emerged, consisting of variables
such as the non-working population, medical personnel, vulnerable-age population, working-age
population, villages with health facilities, and healthcare services [12], [13]. The study results identified
two factors: the first factor comprised three variables, while the second factor comprised two variables
[14], [15].

This study presents a significant novelty (state of the art) by applying factor analysis to identify
the main variables that simultaneously influence the incidence of scabies in the working area of Bea
Muring Community Health Center. This approach provides a scientific contribution by reducing
various influencing factors into several key components, allowing the results to serve as a foundation
for developing more efficient prevention and control strategies [16]. Moreover, this research
strengthens the application of multivariate statistical methods in the field of public health at the
regional level, which has rarely been conducted comprehensively in East Nusa Tenggara.

METHODS
Data source

The types of data employed in this study consist of primary and secondary data. Primary data
were obtained through the distribution of questionnaires to respondents diagnosed with scabies in
the working area of the Bea Muring Public Health Center. Meanwhile, secondary data were utilized
to determine the number of respondents to be studied, as obtained from the Bea Muring Public
Health Center records.

Population and Sample

The sampling technique employed in this study is total sampling. Total sampling is a technique in
which the sample size is equal to the population size [17]. Therefore, the number of samples in this
study is 102 individuals [18], [19].
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Research Variables
Factor analysis is one of the interdependence methods of analysis, in which variables cannot
be distinguished as independent or dependent [20]. The variables used in this study are as follows:
Table 1. List of Indicators Causing Scabies

Variable Statement
Xa Scabies is a skin disease that affects the skin.
X2 Symptoms of scabies include red spots that will heal within two days.
X3 Keeping a distance from individuals with scabies is highly necessary.
Xa Individuals with scabies should not be shunned or isolated.
Xs Access to affordable and adequate healthcare services is well provided.
<. There are no difficulties regarding the cost of routine and effective medical

treatment.

X7 There are adequate facilities for waste disposal.
Xs The water supply in my area is sufficient.
Xo The water condition is clear and odotless.

Xio Regularly sun-drying and replacing bed sheets is practised.

X Clothes are dried under direct sunlight.

Xi2 Clothes are ironed after drying before being worn.

X3 Towels are dried under direct sunlight after being used.

X4 Towels are shared alternately with other people.

Xis Washing hands before and after meals is practiced.

Xise Fingernails are kept clean by trimming them regularly.

X17 Doors and windows are opened every morning.

Xis Sunlight can enter the room.

Xio The diet commonly consumed includes rice, meat, vegetables, and eggs.

X0 Drinking eight glasses of water per day is practiced.
Xa1 Bathing twice daily is practiced.
X2z Garbage is disposed of in its proper place.

RESULTS AND DISCUSSION
Data Instrument Test

Validity testing originates from the term validity, which refers to the degree of accuracy and
precision of a measurement instrument in performing its function. A validity test is used to assess
whether a questionnaire is legitimate or valid [19], [21]. Meanwhile, a reliability test refers to the
assessment of the consistency of a measurement instrument in determining the extent to which
repeated measurements on the same subjects yield consistent results, provided that the measured
aspects of the respondents remain unchanged [22], [23]. Reliability measurement is based on the value
of Cronbach’s Alpha (o), which is calculated as follows.

2
a=[2] [1 - ZS% 1)

The following are the results of the validity and reliability tests on 30 respondents. This testing
process was carried out to ensure that each questionnaire item accurately measures the intended
construct and produces consistent results. The validity and reliability analyses were conducted using
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SPSS version 2024, which generated output indicating that most questionnaire items met the validity
criteria with Pearson correlation values above the r-table threshold (0.361), while a few items were
found to be invalid and therefore excluded from further analysis.

Table 2. Validity Test Results

Variables Pearson Correlation Rubie Information
Ttem X; 0,566 0,361 Valid
Ttem X, 0,406 0,361 Valid
Ttem X5 0,454 0,361 Valid
Ttem X, 0,667 0,361 Valid
Ttem X5 0,553 0,361 Valid
Item Xg 0,718 0,361 Invalid
Ttem X, 0,156 0,361 Valid
Ttem Xg 0,507 0,361 Valid
Item Xq 0,618 0,361 Valid
Ttem Xjq 0,679 0,361 Valid
Ttem Xq4 0,600 0,361 Valid
Ttem Xj, 0,502 0,361 Valid
Ttem Xj3 0,538 0,361 Valid
Ttem Xj, 0,544 0,361 Valid
Ttem Xjs 0,616 0,361 Valid
Ttem Xiq 0,174 0,361 Invalid
Ttem X7 0,485 0,361 Valid
Ttem Xig 0,685 0,361 Valid
Item Xjq 0,609 0,361 Valid
Item X,q 0,567 0,361 Valid
Item X,4 0,692 0,361 Valid
Item X5, 0,049 0,361 Invalid

Based on Table 2, the results of the validity test show that 19 items/statements were declared
valid, as the calculated r values > r values at the 5% significance level. Subsequently, a re-test will be
conducted, excluding the variables deemed invalid, until all variables meet the validity testing criteria.

Table 3. Reliability Test Results
Cronbach’s Alpha N of Items
0,888 19

From the reliability test results of the 19 items analyzed using SPSS 23, a Cronbach’s Alpha

value of 0.888 was obtained. This result, as shown in the SPSS 2024 output, indicates a high level of

internal consistency among the questionnaire items. Since this value is greater than 0.6, it can be
concluded that all tested items are reliable.

Correlation Test and Feasibility of a Variable

Before conducting factor extraction, it is necessary to test the correlation and feasibility of the
variables to determine whether the data are appropriate for factor analysis. This step is performed
using the Kaiser-Meyer-Olkin (KMO) Measure of Sampling Adequacy and Bartlett’s Test of
Sphericity [24], [25]. The results of these tests are presented in Table 4.
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Table 4. KMO and Bartlett Test Values (1)

KMO 0,809
Approx. Chi-Square 1467,543
Bartlett's Test of Sphericity Df 171
Sig. 0,000

From Table 4, it can be observed that the KMO value obtained was 0.809 and the Chi-square
value was 1467.543 with a significance level of 0.000, indicating that the data are suitable and can be
further analysed using factor analysis. These results were generated from the SPSS version 2024
output, which confirms that the sampling adequacy and correlation matrix meet the requirements for
factor analysis. The use of the Chi-square value can also be found in a study entitled “Pearson Chi-
Square Analysis of Factors Associated with Stunting Incidence” [15]. Furthermore, a KMO value
greater than 0.8 indicates that the variables share a sufficient amount of common variance, suggesting
that the data are highly appropriate for extraction of underlying factors. The significant Bartlett’s Test
result (p < 0.05) also supports this conclusion, confirming that the correlation matrix is not an identity
matrix and that meaningful relationships exist among variables. Therefore, the dataset fulfills the
fundamental assumptions for conducting factor analysis.

Table 5. MSA Value (1)

Variable MSA Value
X1 0.874
X5 0.899
X3 0.735
X, 0,766
X5 0,428
Xe 0.439
X 0,869
Xg 0,877
X9 0,865

Xio0 0,647
Xi1 0,936
X2 0,757
Xi3 0,854
X1a 0,842
Xis 0,803
Xi6 0,637
Xi7 0,910
Xig 0,908
Xio 0,787

Furthermore, the Measure of Sampling Adequacy (MSA) values can be observed in Table 5,
specifically in the anti-image matrices under the anti-image correlation section. The results, obtained
from the SPSS version 2024 output, show that several variables had MSA values below 0.5, namely.
X5 and X¢. Consequently, repeated testing was carried out by excluding the variable X5, as it had the
lowest MSA value. Similarly, subsequent tests were conducted by removing variables with MSA values
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below 0.5. This process was repeated until all variables met the required criteria. After three iterations
of testing, the results obtained were as follows.
Table 6. KMO and Bartlett Test Values (4)

KMO 0,872
Approx. Chi-Square 1220,721
Bartlett's Test of Sphericity Df 120
Sig. 0,000

As shown in Table 6, the KMO value increased to 0.872 with a Chi-square value of 1220.721
and a significance level of 0.000, indicating that the data are suitable and can be further analysed using
factor analysis. These results were obtained from the SPSS version 2024 output. The higher KMO
value demonstrates that the intercorrelations among variables are stronger and more cohesive,
suggesting that the dataset has achieved an optimal level of sampling adequacy for extracting
meaningful and reliable factors.

Table 7. MSA Value (4)

Variable MSA Value
X1 0.874
X5 0.898
X3 0.824
X4 0,892
X7 0,889
Xg 0,873
Xq 0,863
Xio0 0,671
Xi1 0,936
X1 0,763

X3 0,862
Xia 0,854
Xis 0,796
X7 0,914
Xig 0,904
X9 0,862

Furthermore, Table 7 shows that the MSA values of all 16 variables were greater than 0.5,
indicating that the data are suitable for further analysis. These results were obtained from the SPSS
version 2024 output, which confirms that each variable has an adequate level of sampling adequacy.
This means that all variables contribute meaningfully to the overall factor structure, allowing the
subsequent factor extraction process to produce valid and interpretable results.

Factor Extraction

The values presented in the communalities table indicate that the existing variables can be
explained by the extracted factors [26]. In other words, the greater the communality value, the
stronger the relationship between the variable and the extracted factor, and the greater the extent to
which the original variable characteristics are represented by the factor formed [27]. Based on the

SPSS version 2024 output, most variables demonstrated high communality values, indicating that the
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extracted factors successfully captured a substantial portion of the variance contained in the original
dataset. This result suggests that the factor extraction process was effective in identifying the
dominant dimensions underlying the observed variables, providing a solid foundation for the
subsequent rotation and interpretation stages.

Table 8. Communality (1)

Variabel Initial Extraction
X; 1,000 0,617
X, 1,000 0,866
X3 1,000 0,904
X4 1,000 0,731
X, 1,000 0,689
Xg 1,000 0,829
X, 1,000 0,800
X10 1,000 0,118

Xi1 1,000 0,742
X1 1,000 0,774
Xi3 1,000 0,636
X4 1,000 0,615
Xis 1,000 0,667
X17 1,000 0,678
Xig 1,000 0,841
Xi9 1,000 0,774

As shown in Table 8, there ate variables with Extraction values less than 0.5; such variables are
considered not to meet the communality requirements and must therefore be excluded from the
analysis. These results were obtained from the SPSS version 2024 output, which provides detailed
information on the communality values for each variable. Consequently, the factor analysis procedure
needs to be repeated from the beginning, excluding the variables that do not satisfy the communality
criteria. Variables with low Extraction values indicate that a small proportion of their variance is
explained by the extracted factors, suggesting weak relationships with the underlying factor structure.
By removing these variables, the analysis can achieve a more stable and interpretable factor solution,
ensuring that the retained variables contribute significantly to the overall model.

Table 9. KMO and Bartlett Test Values (5)

KMO 0,873
Approx. Chi-Square 1218,775
Bartlett's Test of Sphericity Df 105
Sig. 0,000

As shown in Table 9, the Kaiser-Meyer-Olkin (KMO) value obtained was 0.873, while the
Bartlett’s Test of Sphericity produced a Chi-square value of 1218.775 with 105 degrees of freedom
and a significance level of 0.000. These results were derived from the SPSS version 2024 output
and indicate that the dataset meets the statistical assumptions required for factor analysis. The
KMO value, which is greater than 0.8, demonstrates a high level of sampling adequacy, meaning
that the variables share sufficient common variance to justify the application of factor analysis. In
addition, the significant Bartlett’s Test result (p < 0.05) confirms that the correlation matrix is not
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an identity matrix, signifying that meaningful relationships exist among the variables. Therefore,
the data are considered appropriate for further extraction and interpretation of underlying factors.
Table 10. MSA Value (5)

Variable MSA Value
X1 0.875
X, 0.897
X3 0.826
X4 0,896
X7 0,888
Xg 0,873
X9 0,864
Xi1 0,936
X2 0,761
X3 0,862
X4 0,853

Xis 0,794
X7 0,915
Xig 0,904
X9 0,862

After variable Xy was excluded, the KMO value increased to 0.873 with a significance level
of 0.000, indicating that the requirements for the KMO and Bartlett’s Test of Sphericity were fulfilled.
Furthermore, Table 9 shows that the MSA values of the remaining fifteen variables were greater than
0.5. These results were obtained from the SPSS version 2024 output, confirming that the dataset
meets the necessary assumptions for factor analysis. Thus, all fifteen variables can be further analyzed.

Table 10. Communality (2)

Variable Initial Extraction
Xi 1,000 0,621
X, 1,000 0,865
X3 1,000 0,905
X4 1,000 0,731
X, 1,000 0,691
Xg 1,000 0,827
Xq 1,000 0,800

X11 1,000 0,741
X1o 1,000 0,796
Xi3 1,000 0,644
Xia 1,000 0,613
Xis 1,000 0,690
Xi7 1,000 0,678
Xis 1,000 0,841
Xi9 1,000 0,775

Table 10. shows that the 15 tested variables met the communality requirements, as all had values
greater than 0.5. These results were obtained from the SPSS version 2024 output, which provides
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detailed information on the communality values for each variable. Based on the communalities table,
the greatest contribution was provided by the variable X3 (contact with infected individuals) with a
value of 0.905, meaning that 90.5% of the variance in the variable X3 can be explained by the extracted
factors. Conversely, the smallest contribution was provided by the variable X1, (handwashing) with a
value of 0.613, indicating that 61.3% of its variance can be explained by the extracted factors. The
next step is to examine the Total Variance Explained table, which illustrates the number of factors
formed. To determine the extracted factors, the eigenvalues must be greater than 1. The high
communality values across most variables indicate that the extracted factors adequately represent the
original data structure, ensuring that little information is lost in the dimensionality reduction process.
This suggests that the factor extraction model applied is robust and capable of summarizing the
interrelationships among variables effectively.
Table 11. Extraction results using the principal component method

Initial Eigenvalues Extraction Sums of Squared
Loadings
Component g Yeof  Cumulatve . %of  Cumulative
Variance % Variance %

1 0,668 44,450 44,450 0,668 44,450 44,450
2 2,713 18,085 62,535 2,713 18,085 62,535

3 1,838 12,257 74,792 1,838 12,257 74,792
4 0,762 5,081 83,867

5 0,599 3,994 87,320

6 0,518 3,453 89,626

7 0,346 2,300 91,776

8 0,322 2,149 93,513

9 0,261 1,738 95,001

10 0,232 1,548 96,588

11 0,229 1,527 97,682

12 0,164 1,094 98,746

13 0,160 1,065 99,474

14 0,109 0,728 100,000

15 0,079 0,526

From Table 11. It is shown that three components have eigenvalues greater than 1, namely A
= 0.6068, \2 = 2.713, and As = 1.838. These results were obtained from the SPSS version 2024 output,
which provides detailed information on the eigenvalues and variance explained for each extracted
component. Based on the criterion for determining the number of factors, three factors were
extracted. These factors are used to explain the 15 variables. The eigenvalue of Component 1 is 6.668
(>1), thus forming Factor 1, which explains 44.450% of the variance. The eigenvalue of Component
2 is 2.713 (>1), thus forming Factor 2, which explains 18.085% of the variance. Meanwhile, the
eigenvalue of Component 3 is 1.838 (>1), thus forming Factor 3, which explains 12.257% of the
variance. The results of this analysis can also be illustrated using a scree plot. A scree plotis a graphical
representation of eigenvalues against factors/components, and the number of reduced factors can be
determined from the plot. The cumulative variance of 74.792% indicates that these three extracted
factors collectively explain a substantial portion of the total variance, demonstrating that the model
effectively summarizes the information contained in the original dataset.
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Figure 1. Sree Plot Graph

Factor Rotation
After determining the number of factors formed from the extraction process, the next step is
to identify the relationship between each variable and the extracted factors. This relationship is
expressed through the factor loading values, which indicate the strength of correlation between
variables and factors [28], [29]. The factor loading results before rotation are presented in Table 12.
Table 12. Factor Loading Components

. Component
Variables 1 2 3
X1 0.677 0,404 0,013
X2 0,780 0,502 0,064
X; 0,773 0,506 027
X, 0,612 0,508 0514
Xy 0,573 0,558 0,226
Xg 0,720 0,538 0,137
X, 0,763 0,418 0206
X, 0815 0218 0173
Xy, 0,426 0.194 0,759
Xys 0,536 0.164 0,574
X 0,649 0315 0305
Xy 0,431 0,250 0.665
Xy, 0,704 0398 0.155
Xyg 0,777 0457 0,010
X1 0,601 0,581 076

Factor loading represents the correlation between a variable and a factor, where ideally each
variable strongly correlates with only one factor. A strong correlation is indicated when the factor
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loading value is greater than 0.50. The table above presents the factor loading components before
rotation, making it difficult to determine which variables belong to which factors. Table 12 was
obtained from the SPSS version 2024 output, which provides detailed information on the unrotated
component matrix. Therefore, to obtain a simpler and more interpretable factor structure, a rotation
of the factor loadings in Table 12 was performed using the varimax rotation method.

Table 13. Factor Loading Components After Rotation

. Component
Variabel 1 5 3
X, 0,756 0,167 0,151
X, 0,902 0,190 0,122
X3 0,184 0,911 0,205
Xy 0,081 0,849 0,066
X5 0,818 0,093 -
0,114

Xg 0,895 0,161 0,026
Xo 0,238 0,839 0,199
X11 0,379 0,578 0,514
X1z 0,072 0,067 0,887
X3 0,187 0,196 0,755
Xi4 0,245 0,743 0,044
Xis 0,044 0,147 0,817
X7 0,752 0,115 0,314
Xig 0,882 0,166 0,191
Xi9 0,017 0,873 0,113

From Table 13, it is evident that several factor loadings show very high correlations with only
one component. These results were obtained from the SPSS version 2024 output, which presents the
rotated component matrix after applying the varimax rotation method. The results of this rotation
allow the determination of which variables are grouped under Factor 1, Factor 2, and Factor 3.

Interpretation of Factors
Thus, from 18 variables, 3 factors can be formed, each of which can be interpreted as follows.
These factors represent the main dimensions influencing the incidence of scabies.
Table 14. Interpretation of Factors

Variabel Factors Eigen Loading Variance Cumulative
Values Factor (%) (%)
X 0,756
X, 0,902
X5 Knol\x-fledge, water, and 6,668 0,818 44,450 44,450
Xg nutrition factors 0,895
X17 0,752
X1g 0,882
X3 0,911
Xy 0,849
Xq Attitude and  personal 0,839
Xq1 hygiene factors 2,713 0,578 18,085 62,535
X1a 0,743
X19 0,873
§i§ Fac_tor§ of towel use and air 1,838 82322 12,257 74792
X, sanitation 0.817
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Therefore, the 15 variables were reduced into three factors. Factor 1 consists of variables Xi,
Xa, X7, Xs, Xi7, and Xus. Factor 2 includes variables X3, Xa, Xo, Xi1, X4, and Xo. Meanwhile, Factor
3 is composed of variables Xi2, Xi3, and Xis.

The factors influencing the incidence of scabies consist of 15 variables grouped into three
factors. The first factor is knowledge, water, and nutrition, with an eigenvalue of 6.668 and a variance
of 44.450%. The second factor is attitude and personal hygiene, with an eigenvalue of 2.713 and a
variance of 18.085%. The third factor is towel usage and air sanitation, with an eigenvalue of 1.838
and a variance of 12.257%. Among these three factors, the most dominant factor influencing the
incidence of scabies in the working area of the Bea Muring Public Health Center is knowledge, water,
and nutrition. Therefore, it is recommended to provide community outreach regarding scabies
prevention and to encourage proper nutrition intake. In addition, the quality of water should be
considered to ensure its safety for consumption.

This study does not address all techniques within factor analysis. Future research is suggested
to apply alternative methods for variable extraction and to further develop the analysis using
discriminant analysis, path analysis, cluster analysis, and other multivariate techniques.

Research Implications

This study demonstrates that factor analysis can be effectively applied to epidemiological data,
particularly in identifying the dominant factors influencing scabies incidence. The findings indicate
that knowledge, water quality, and nutrition are the most significant determinants. This has important
implications for public health interventions, as it emphasises the need to strengthen health education,
improve access to clean water, and promote adequate nutritional intake to reduce the prevalence of
scabies. Furthermore, the methodological implication is that factor analysis provides a robust
statistical approach for reducing data dimensionality while maintaining interpretability, which can be
applied to other public health and epidemiological studies.

In addition, these findings can serve as a basis for policymakers and health authorities to design
targeted prevention programs that address the underlying determinants identified in this study. By
focusing on community-based interventions and cross-sector collaboration between health,
education, and sanitation agencies, sustainable improvements in disease control can be achieved.
From an educational perspective, this study can also be used as a practical case study in multivariate
statistics courses, allowing students to understand the application of factor analysis in real-world
epidemiological contexts. Integrating such real data into the learning process can enhance students’
analytical thinking, data interpretation skills, and their ability to apply statistical methods to solve
actual public health problems.

CONCLUSIONS AND SUGGESTIONS
The results of the factor analysis successfully reduced 15 variables into three principal factors

influencing the incidence of scabies in the working area of Bea Muring Community Health Center.
The first factor, encompassing knowledge, water, and nutrition, was identified as the most dominant
with an eigenvalue of 6.668, explaining 44.45% of the total variance. The second factor, attitude and
personal hygiene, contributed 18.08%, while the third factor, towel usage and air sanitation, accounted
for 12.25%, resulting in a cumulative variance explanation of 74.79%. These findings indicate that
scabies incidence is determined not only by individual hygiene behaviour but also by the level of
knowledge, water quality, and nutritional adequacy within the community. The study highlights that
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inadequate understanding of disease transmission, limited access to clean water, and poor nutritional
conditions significantly contribute to the spread of scabies in rural tropical settings.

This research underscores the effectiveness of factor analysis as a multivariate statistical method
for identifying dominant variables among complex epidemiological data. The findings contribute to
public health practices by providing an empirical basis for designing targeted prevention strategies,
including community education on hygiene, improvement of clean water facilities, and promotion of
balanced nutrition. Moreover, the results reinforce the importance of integrating health education
with environmental and socio-economic interventions in scabies control programs.

For Future Researchers: It is recommended to apply additional multivariate methods such as
discriminant analysis, path analysis, or cluster analysis to provide deeper insights into the
interrelationships among variables. Future studies may also expand to a larger population or different
epidemiological contexts for broader generalization.

REFERENCE

R. Husna, T. Joko, and N. Nurjazuli, “Faktor Risiko Yang Mempengaruhi Kejadian Skabies Di
Indonesia : Literatur Review,” J. Kesehat. Lingkung., vol. 11, no. 1, pp. 29-39, 2021, doi:
https://doi.org/10.47718/ikl.v11i1.1340.

I. Halid, M. Halid, and B. B. B. Susilo, “Prevalences and Determinants Analysis of Scabies
Incidence in Rumak Village,” Med. Technol. Public Heal. J., vol. 8, no. 2, pp. 186—195, 2024, dot:
https://doi.org/10.33086/mtph;j.v8i2.5642.

T. Iskandar, “Masalah Skabies pada Hewan dan Manusia Serta Penanggulangannya,” Wartazoa, vol.
10, no. 1, pp. 28-34, 2000.
W. Zhang ¢t al., “Trends in Prevalence and Incidence of Scabies from 1990 to 2017: Findings from
the Global Burden of Disease Study 2017,” Emerg Microbes Infect, vol. 9, no. 1, pp. 813-816, 2020,
doi: 10.1080/22221751.2020.1754136.

M. D. Azdaji¢, I. Besli¢, A. Gasi¢, N. Ferara, L. Pedi¢, and L. Lugovi¢-Mihi¢, “Increased Scabies
Incidence at the Beginning of the 21st Century: What Do Reports from Europe and the World
Show?,” Life, vol. 12, no. 10, pp. 1-15, 2022, doi: 10.3390/1ife12101598.

H. Ibadurrahmi, S. Veronica, and N. Nugrohowati, “Faktor-Faktor yang Berpengaruh Terhadap
Kejadian Penyakit Skabies pada Santri di Pondok Pesantren Qotrun Nada Cipayung Depok
Februari Tahun 2016,” J. Profesi Med., vol. 10, no. 1, pp. 33—45, 2016, doi:
https://doi.org/10.33533/jpm.v10i1.12.

L. Lugovi¢-Mihi¢ et al., “An Increasing Scabies Incidence in Croatia: A Call for Coordinated Action
Among Dermatologists, Physicians and Epidemiologists,” Zdr 1V arst, vol. 59, no. 4, pp. 264272,
2020, doi: 10.2478/sjph-2020-0033.

N. Hidayat, A. Nurapandi, S. U. Asmarani, and H. Setiawan, “Association between Personal
Hygiene Behavior and Sleeping Quality on Scabies Incidence,” Int. J. Nurs. Heal. Serv., vol. 5, no. 4,
pp. 351-359, 2022, doi: https://doi.org/10.35654/ijnhs.v5i4.610.

L. Siiriicii, I. Yikilmaz, and A. Maslakei, “Exploratory Factor Analysis (EFA) in Quantitative
Researches and Practical Considerations,” GUSBD, vol. 13, no. 2, pp. 947-965, 2024, doi:
10.31219/0sf.io/ fgd4e.

A. Baroroh, Analisis Multivariat dan Time series dengan SPSS 21. Jakarta: Elex Media Komputindo,
2013.

S. Ririhena and S. B. Loklomin, “Pendekatan Principal Component Analysis pada Data Demam
Berdarah Dengue di Provinsi Maluku Utara,” BAREKENG |. I/mu Mat. dan Terap., vol. 14, no. 4,
pp- 557564, 2020, doi: https://doi.org/10.30598 /barekengvoll4iss4pp557-564.

K. J. Dunn and G. McCray, “The Place of the Bifactor Model in Confirmatory Factor Analysis
Investigations Into Construct Dimensionality in Language Testing,” Front. Psychol., vol. 11, pp. 1-16

Yonansia Jenita Narut, Elisabeth Brielin Sinu, Irvandi Gorby Pasangka, & Damaris Lalang 47


https://doi.org/10.33578/jrmi.v6i2.115

[13]

[14]

22]

23]

[20]

[27]

28]

Journal of Research on Mathematical Instruction, Vol. 6, No. 2, June 2025, 35-49
DOI: https://doi.org/10.33578/jrmi.v6i2.115
jrmi.ejournal.unri.ac.id, Online ISSN: 2715-6869

2020, doi: 10.3389/ fpsyg.2020.01357.

B. van Deursen e al., “Increasing Incidence of Reported Scabies Infestations in the Netherlands,
2011-2021,” PLoS One, vol. 17, no. 6, pp. 1-8, 2022, doi: 10.1371 /journal.pone.0268865.

M. Trevifio et al., “How Do We Measure Attention? Using Factor Analysis to Establish Construct
Validity of Neuropsychological Tests,” Cogn. Res. Princ. Implic., vol. 6, no. 1, pp. 1-26, 2021, doi:
10.1186/s41235-021-00313-1.

E. Nasti, T. H. Setiawan, H. Warianto, A. Andi, and G. Gerry, “Faktor-Faktor yang Mempengaruhi
Tingkat Kecerdasan Emosional Anak Terhadap Pelajaran Matematika dengan Menggunakan
Analisis Faktor,” |. Lebesgue |. Llm. Pendidik. Mat. Mat. Dan Stat., vol. 3, no. 1, pp. 44-59, 2022, doi:
10.46306/1b.v3i1.72.

N. Sakib e7 al., “Psychometric Validation of the Bangla Fear of COVID-19 Scale: Confirmatory
Factor Analysis and Rasch Analysis,” Int. |. Ment. Health Addict., vol. 20, no. 5, pp. 2623-2634, 2022,
doi: 10.1007/511469-020-00289-x.

Sugiyono, Metode Penelitian Kuantitatif, Kualitatif, dan R&D. Bandung, Indonesia: Alfabeta, 2021.

S. Santoso, Statistik Multivariat: Konsep dan Aplikasi dengan SPSS. Jakarta: Elex Media Komputindo,
2010.

H. Taherdoost, “Validity and Reliability of the Research Instrument; How to Test the Validation of
a Questionnaire/Survey in a Research,” Int. |. Acad. Res. Manag., vol. 5, no. 3, pp. 28-306, 2016, doi:
Taherdoost, Hamed, Validity and Reliability of the Research Instrument; How to Test the
Validation of a Questionnaire/Survey in a Research (August 10, 2016). Available at SSRN:
https://sstn.com/abstract=3205040 or http://dx.doi.org/10.2139/ssrn.3205040.

J. A. Radjah, A. Aden, Ilmadi, N. Valentina, and Isnurani, “Analisis Faktor-Faktor yang
Mempengaruhi Kualitas Kerja Mahasiswa Praktek Menggunakan Metode Analisis Faktor di CV.
Rama Teknik,” |. Lebesgue |. llm. Pendidik. Mat. Mat. Dan Stat., vol. 2, no. 1, pp. 69-84, 2021, doi:
https://doi.org/10.46306/1b.v2i1.57.

C. L. Kimberlin and A. G. Winterstein, “Validity and Reliability of Measurement Instruments Used
in Research,” Am. |. Heal. Pharm., vol. 65, no. 23, pp. 2276-2284, 2008, doi:
https://doi.org/10.2146/ajhp070364.

M. O. Astuti, R. D. Guntur, A. Atti, E. B. Sinu, and D. Kusumaningrum, “Analisis Pearson Chi-
Square pada Faktor-Faktor yang Berhubungan dengan Kejadian Stunting,” J. Innov. Res. Knowl., vol.
3, no. 11, pp. 2197-2210, 2024, doi: https://doi.org/10.53625/jirk.v3i11.7632.

M. Alavi, D. C. Visentin, D. K. Thapa, G. E. Hunt, R. Watson, and M. Cleary, “Chi-Square for
Model Fit in Confirmatory Factor Analysis,” J. Adp. Nurs., vol. 76, no. 9, p. 2209=2211, 2020, doi:
https://doi.org/10.1111/jan.14399.

A. B. Astuti, A. N. Guci, V. I. A. Alim, L. N. Azizah, M. K. Putri, and W. Ngabu, “Non
Hierarchical K-Means Analysis to Clustering Priority Distribution of Fuel Subsidies in Indonesia,”
BAREKENG |. 1lmn Mat. dan Terap., vol. 17, no. 3, pp. 1663—-1672, 2023, doi:
https://doi.org/10.30598 /batekengvoll7iss3pp1663-1672.

Z. Zhang, T. Sangsawang, K. Vipahasna, and M. Pigultong, “A Mixed-Methods Data Approach
Integrating Importance-Performance Analysis (IPA) and Kaiser-Meyer-Olkin (KMO) in Applied
Talent Cultivation,” J. Appl. Data Sci., vol. 5, no. 1, pp. 256-267, 2024, dot:
https://doi.org/10.47738 /jads.v5i1.170.

M. Tavakol and A. Wetzel, “Factor Analysis: A Means for Theory and Instrument Development in
Support of Construct Validity,” Int. |. Med. Educ., vol. 11, pp. 245-247, 2020, doi:
10.5116/ijme.5f96.0f4a.

D. Goretzko, T. T. H. Pham, and M. Bihner, “Exploratory Factor Analysis: Current Use,
Methodological Developments and Recommendations for Good Practice,” Curr. Psychol., vol. 40,
pp. 3510-3521, 2021, doi: https://doi.org/10.1007 /s12144-019-00300-2.

A. R. Hashmia, N. A. Amiraha, and Y. Yusof, “Organizational Performance with Disruptive Factors
and Inventory Control as a Mediator in Public Healthcare of Punjab, Pakistan,” Manag. Sci. Lett.,
vol. 11, pp. 77-86, 2021, doi: 10.5267/j.ms1.2020.8.028.

Yonansia Jenita Narut, Elisabeth Brielin Sinu, Irvandi Gorby Pasangka, & Damaris Lalang 48


https://doi.org/10.33578/jrmi.v6i2.115

[29]

Journal of Research on Mathematical Instruction, Vol. 6, No. 2, June 2025, 35-49
DOI: https://doi.org/10.33578/jrmi.v6i2.115
jrmi.ejournal.unri.ac.id, Online ISSN: 2715-6869

I. Mosly, “Factors Influencing Safety Performance in the Construction Industry of Saudi Arabia: An

Exploratory Factor Analysis,” Int. |. Occup. Saf. Ergon., vol. 28, no. 2, pp. 901-908, 2020, doi:
https://doi.org/10.1080/10803548.2020.1838774.

BIOGRAPHY

Yonansia Jenita Narut

Yonansia Jenita Narut earned her Bachelor’s degree (S1) in Mathematics from Universitas Nusa
Cendana (UNDANA). She has a strong academic background in mathematics and continues to
contribute to the field through her professional and academic engagements. She can be contacted via

email at yonansia.narut@undana.ac.id.

Elisabeth Brielin Sinu

Elisabeth Brielin Sinu earned her Bachelor’s degree (S1) in Mathematics from Universitas Nusa
Cendana (UNDANA) and completed her Master’s degree (S2) in Statistics at Institut Teknologi
Sepuluh Nopember (ITS). She is currently a lecturer in the Department of Mathematics, Faculty of
Science and Engineering, Universitas Nusa Cendana. She can be contacted via email at
clisabeth.brielin.sinu@staf.undana.ac.id.

Irvandi Gorby Pasangka

Irvandi Gorby Pasangka obtained his Bachelot’s degree (S1) in Mathematics from Universitas Nusa
Cendana (UNDANA) and his Master’s degree (S2) in Mathematics from Universitas Gadjah Mada
(UGM). He is currently a lecturer in the Department of Mathematics, Faculty of Science and
Engineering, Universitas Nusa Cendana, Kupang. He can be reached via email at

b.pasangka@staf.undana.ac.id.

Damaris Lalang

Damaris Lalang earned her Bachelor’s degree (S1) in Mathematics from Universitas Nusa Cendana
(UNDANA) and completed her Master’s degree (S2) in Mathematics at Institut Pertanian Bogor
(IPB). She is currently a lecturer in the Department of Mathematics, Faculty of Mathematics and
Natural Sciences (FMIPA), Universitas Tribuana Kalabahi. She can be contacted via email at

dhamar.ipbl4@gmail.com.

Yonansia Jenita Narut, Elisabeth Brielin Sinu, Irvandi Gorby Pasangka, & Damaris Lalang 49


https://doi.org/10.33578/jrmi.v6i2.115
mailto:yonansia.narut@undana.ac.id
mailto:elisabeth.brielin.sinu@staf.undana.ac.id
mailto:b.pasangka@staf.undana.ac.id
mailto:dhamar.ipb14@gmail.com

